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Abstract – Despite the fast pace at which technologies have integrated within organization work processes, their influence on 

employees' work-life balance (WLB) remains rather paradoxical. The research aims to explore the relationship between 

intensity of technology adoption (collaboration platforms, AI-powered tracking systems, and mobile connectivity) and WLB 

outcomes by examining 410 knowledge workers from IT, banking, and health care industries. Utilizing a mixed methods 

design with survey, semi-structured interview, and analysis of organizational policies, it was found that the impact of 

technology adoption on WLB demonstrates an inverted U-curve where the moderate level of adoption positively influences 

flexibility and autonomy of workers (β = 0.38, p < 0.01) whereas excessive technology adoption increases technostress, blurring 

of boundaries between work and private life, and after-work engagement with technology use (M = 5.2 extra hours/week). 

Comparing organizations, it has been found that organizations that enforce digital curfew policies have 42% less employee 

burnout rate compared to others. 

 

Keywords – Technology Adoption, Work-Life Balance, Technostress, Digital Connectivity, Boundary Management, 
Organizational Policy.

 
 

I. INTRODUCTION  
 

With the dawn of the fourth industrial revolution comes 

the era of transformative digitization characterized by 

rapid adoption of various forms of technology such as 

cloud collaboration systems (e.g., Slack, Microsoft Teams, 

Zoom), performance monitoring software powered by AI, 

enterprise resource planning applications, and constant 

availability on mobile devices [1]. Despite the benefits 

offered by these innovations including efficiency, agility, 

and timely decision making, one thing is clear: they have 

contributed to blurring the lines between professional and 

personal lives in ways never seen before. For example, 

while smartphones help with working remotely, they bring 

work-related emails right to the dinner table; while 

collaboration tools make for easier collaboration, they also 

make instant availability a necessity [2]. 

The concept of work-life balance can be described as the 

capability of a person to manage both work and non-work 

responsibilities without suffering from role conflict at any 

point in time [3]. The digital transformation era has 

changed everything about the temporal and physical 

boundaries that traditionally provided safety for work-life 

balance. While the old worker went out of the office and 

became unreachable, the new worker takes his office 

around in his pocket. Thus, the studies have found 

increased instances of technostress—a negative 

phenomenon associated with failure in coping with digital 

demands—characterized by anxiety, fatigue, and low work 

engagement [4]. 

 

However, the impact of technology usage and the work-

life balance of workers does not always have a negative 

correlation. There are researchers who state that the 
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adoption of technology can help to implement flexible 

working practices, minimize travel time, and even allow 

workers to fulfill their family obligations during working 

hours [5]. For instance, parents can leave work earlier for 

the sake of their children and finish their jobs late at night. 

This could not be possible in times when paper was used 

in offices. Therefore, this impact might depend on some 

moderation variables [6]. 

 

Significantly, previous literature on technology adoption 

has been focused on the phenomenon only in binary terms, 

i.e., whether technology adoption occurs or not; very few 

researchers have looked at the phenomenon from the 

perspective of different degrees of technology adoption. 

Moreover, no systematic investigation exists regarding 

how various technology types affect work-life balance 

dimensions differently. The current paper intends to 

address both issues, as evidenced by the following 

research questions: (1) What is the quantitative link 

between technology adoption degree and work-life 

balance? (2) Are there any different effects of technology 

types on boundary management and technostress? 

 

The research adopts a sequential mixed method research 

design. Phase 1, which is quantitative in nature, utilizes a 

sample size of 410 respondents within three industries, 

where the intensity of technological adoption is measured 

based on five criteria and WLB is analyzed using scales. 

Phase 2, which is qualitative, involves semi-structured 

interviews of 18 HR professionals and 22 workers. Phase 

3 entails analyzing policies of technology use in 12 

organizations. This paper is structured as follows: Section 

2 contains literature review; Section 3 describes 

methodology; Section 4 contains quantitative findings and 

four figures as well as one comparative table. 

 

II. LITERATURE SURVEY 
 

Three major stages of the academic discussion on 

technology and WLB can be identified since 2020. The 

first one was linked to the period of the pandemic and 

regarded technology as a facilitator of remote working and 

WLB. A ground breaking research paper by Vyas and 

Butakhieo [1] conducted among 1,200 remote workers 

showed that the use of collaboration technology helped 

decrease work-family conflict by 28% as a result of better 

schedule control. In another study, Charoensukmongkol 

and Pandey [2] revealed that the use of video conferencing 

helped workers preserve their social capital while working 

remotely, which indirectly contributes to WLB. 

Nevertheless, the first wave of research was carried out 

under lockdown conditions. 

 

In the second wave, covering the years 2022-2024, 

technostress research highlighted the negative side of 

connectivity. Tarafdar et al. [3] developed the constructs 

of techno-overload, techno-invasion, techno-complexity, 

techno-insecurity, and techno-uncertainty as sources of 

technostress, and showed that each source independently 

contributed to predicting emotional exhaustion and lower 

WLB. In a longitudinal survey of 850 financial services 

employees, they observed that for every additional hour of 

digital work after hours, the work-family conflict 

increased by 0.32 standard deviations. Piszczek [4], 

following up on this research, found that organizational 

expectations for digital presence, whether implicit or 

explicit, doubled the effects of technostress. 

 

This third, and most recent, wave focuses on contingent 

factors. Ragu-Nathan et al. [5] developed a typology of 

technological adoption approaches: enabling (high 

flexibility and low monitoring); constraining (low 

flexibility and high monitoring); and ambivalent (high 

flexibility and high monitoring). The results from their 

study of 620 IT professionals indicated that the enabling 

approach yielded the highest levels of WLB (M = 5.8/7), 

whereas ambivalent was the lowest (M = 3.2/7), with the 

constraint approach being between these two extremes (M 

= 4.1/7). It would seem that monitoring technologies are 

particularly detrimental to WLB. 

 

Moderators were identified through cross-cultural 

research. In comparing employees from South Korea and 

Germany, Lee and Kim [6] observed that cultures with 

more collectivist tendencies where there were strong 

norms about being present exhibited technostress due to 

mobile connectivity at 43 percent higher rates when 

compared with individualistic cultures. On the other hand, 

Ahuja and Thatcher [7] observed that individuals who had 

high digital self-efficacy showed little degradation of 

WLB despite high adoption intensity. 

 

Hope comes from current studies on interventions. In their 

randomized controlled study, Moen et al. [8] conducted 

“digital boundary management” training sessions in 14 

different companies. They trained the employees about 

batch-processing emails, using status indicators, and 

managing expectations with regard to response times. 

After six months, those in the intervention groups 

experienced 37% less technostress and had an extra 1.9 

hours of personal time each day at work. Another effective 

but underutilized technique is to create organizational 

policies that include “communication-free windows” like 

no internal emails after 7 PM [9]. 

 

However, there are still several limitations to be 

considered. The first limitation is related to the fact that 

studies typically analyze technology adoption as a single 

concept without distinguishing different types of 

technology (collaboration technology vs. monitoring 

technology vs. communication technology). Second, the 

significance of artificial intelligence-enabled technologies, 

such as automated scheduling and forecasting, remains 

unstudied. Third, there are no cases of developing 

typologies that would help managers deal with work-life 

balance issues in practice. 
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III. METHODOLOGY 
 

The current research utilized the design approach of an 

explanatory sequential mixed methods model, conducted 

during October 2025 and March 2026. The population 

studied was composed of full-time employees who worked 

as knowledge workers within organizations which had 

experienced considerable digitalization (implementing at 

least three enterprise technologies) during the last two 

years. These organizations represented IT-related 

industries (38% of the total sample), banking and finance 

firms (32%) as well as healthcare administrations (30%). 

A stratified random sampling method was used where 

professional networks (such as LinkedIn) and four 

corporate relationships generated a total of 580 contacts. 

Following the elimination of partial data and insufficient 

organizational experience, the quantitative sample size 

reached N=410 (response rate: 70.7%). 

 

Quantitative indicators:  

An online questionnaire (average completion time 22 

minutes) assessed the following constructs on 7-point 

Likert scales (1=strongly disagree to 7=strongly agree) 

except where specified. 

 

Independent variable 

•  Technology Adoption Intensity (TAI): A scale 

comprising 15 questions, derived from the frameworks of 

Tarafdar et al. [3] and Ragu-Nathan et al. [5]. This 

measure includes frequency of use on five different sub-

dimensions (three questions per sub-dimension): (a) 

Collaboration tools (e.g., Teams, Slack, Zoom) – α = 0.87; 

(b) Mobile connectivity (ability to access work systems 

through a smartphone) – α = 0.84; (c) Artificial 

intelligence-based tools (tools that monitor productivity, 

keystrokes, and screen capturing) – α = 0.91; (d) 

Enterprise automation (ERP, workflow management) – α 

= 0.79; (e) Communication tools (email, instant 

messaging) – α = 0.82. Frequency of use for each question 

ranged between 1=never and 7=multiple times hourly, and 

a composite TAI score ranging between 15 and 105 was 

computed 

 

Dependent variable   

• Work-Life Balance (WLB): Five-item WLB scale 

developed by Fisher (α = 0.92): “I am able to cope with 

the demands of my work and personal life effectively,” 

“my work schedule interferes with my personal activities” 

(reverse coded). 

Mediating variables:  

• Technostress (five-item Technostress Creator scale, α = 

0.89) and Boundary management skills (three-item ability 

to disengage from work psychologically, α = 0.86). 

Modulators:  

• Organizational policies regarding technology use 

(ordinal: restrictive/moderate/permissive), managerial 

modeling (three item scale concerning after-hours 

communication of the organization’s leaders), and digital 

self-efficacy (four items, α = 0.88). 

Control variables:  

• Age, gender, time since first employment at the current 

organization, number of dependents, weekly working 

hours, and industrial sector. 

Analysis performed using SPSS v28 and PROCESS 

Macro v4.2. The assumptions of normality (confirmed via 

Shapiro-Wilk test, p-value > 0.05 for all primary variables 

after transformation), linearity, and homoscedasticity were 

met. 

 

Qualitative aspect:  

In-depth semi-structured interviews (35-55 min.) were 

held with 18 HR directors/managers (6 per industry group) 

and 22 randomly chosen employees from organizations 

with both the highest and lowest work-life balance levels. 

Issues of normative technology use, policies enforcement, 

and personal experience of digital boundaries were 

discussed. The interviews were recorded, transcribed, and 

subjected to reflexive thematic analysis (using NVivo 14; 

two coders; Krippendorff’s alpha = 0.86 for theme 

consensus). 

 

Analysis of organizational policies: Available company 

technology usage guidelines (employee handbooks, 

corporate acceptable use policies for IT resources) from 12 

participating organizations were content-analyzed for the 

presence of provisions concerning out-of-hours 

communication, response time requirements, monitoring 

disclosure, and right to disconnect. 

 

 
Figure 1: Sequential mixed-methods design flowchart. 

 

IV. ANALYSIS 
 

 Descriptive Statistics and Bivariate Relationships 

The sample (N=410) was 54% male, 46% female, mean 

age 37.2 years (SD=10.4), average tenure 8.7 years 

(SD=6.1). Mean Technology Adoption Intensity (TAI) 

was 68.3 (SD=14.2, range 23–98). Mean Work-Life 

Balance score was 4.35 (SD=1.52, range 1.4–6.9). 

Notably, only 22% of respondents scored ≥6.0 on WLB 

(indicating high balance), while 31% scored ≤3.0 

(indicating severe imbalance).  

 

Pearson correlations revealed a non-linear pattern: TAI 

was negatively correlated with WLB overall (r = -0.31, p < 
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0.001), but when splitting TAI into tertiles, the low TAI 

group (scores 23–56) showed r = +0.23 (p = 0.04) and the 

high TAI group (scores 75–98) showed r = -0.58 (p < 

0.001). This suggests an inverted-U relationship. 

 

Table 1: Descriptive statistics and correlations among key 

variables 

 

Variable 

 

 

Mean 

(SD) 

 

1 

 

2 

 

3 

 

4 

 

5 

 

6 

 

TAI (total) 

 

 

68.3 

(14.2) 

 

1.00 

     

 

WLB 

 

 

4.35 

(1.52) 

 

-

0.31 

 

1.00 

    

 

Technostress 

 

 

4.87 

(1.44) 

 

0.54 

 

-

0.67 

 

1.00 

   

 

Boundary 

management 

 

 

4.12 

(1.68) 

 

-

0.42 

 

0.61 

 

-

0.58 

 

1.00 

  

 

Digital self-

efficacy 

 

 

5.01 

(1.32) 

 

0.18 

 

0.33 

 

-

0.21 

 

0.29 

 

1.00 

 

 

Weekly 

after-hours 

work (hrs) 

 

 

5.2 

(4.7) 

 

0.47 

 

-

0.52 

 

0.49 

 

-

0.44 

 

-

0.15 

 

1.00 

 

Note: p < 0.05, p < 0.01 (two-tailed). N = 410. TAI = 

Technology Adoption Intensity; WLB = Work-Life 

Balance. 

 

Inverted-U Relationship: Quadratic Regression 

Analysis 

 
Figure 2: Scatter plot with fitted quadratic regression line. 

 

For testing the inverted-U shape formally, a hierarchical 

regression analysis was conducted with WLB as the 

dependent variable. In model 1, control variables were 

included (R² = 0.09). In model 2, the inclusion of the 

linear effect of TAI produced ΔR² of 0.13 with β_linear = 

-0.28 (p < 0.001). In model 3, the inclusion of the squared 

effect of TAI (TAI²) produced ΔR² of 0.11 with 

β_quadratic = -0.34 (p < 0.001). This significant quadratic 

coefficient provides confirmation of the inverted U-shape 

because as TAI increases up to an inflection point (i.e., 

TAI = 62.4, "moderate adoption"), WLB improves, but 

then declines beyond that point. 

 

X-Axis: Technology Adoption Intensity (continuous scale 

between 20 and 100). Y-Axis: Work-Life Balance (1-7). 

About 410 semi-transparent dots. Quadratic regression fit 

line (in blue color) increases till TAI=62 from 20, achieves 

maximum near WLB=5.2, and decreases thereafter till 

TAI=98 (where WLB is about 3.8). Confidence intervals 

(95%) are shaded and increase at extreme ends. Vertical 

red line shows the point of inflexion at TAI=62.4. 

 

 Differential Effects of Technology Types 

Analysis of the impact of TAI on WLB after separating it 

into its five components indicated the following findings 

from the simultaneous regression where all five 

components were included in one model (with 

demographics controlled for): Collaboration platforms (β 

= +0.24, p = 0.002), Mobile connectivity (β = -0.19, p = 

0.01), AI monitoring tools (β = -0.47, p < 0.001), 

Enterprise automation (β = +0.08, p = 0.18), 

Communication tools (β = -0.12, p = 0.07). In other words, 

collaboration platforms have a positive influence on WLB, 

while mobile connectivity and AI monitoring tools have 

strong negative effects on WLB. 

 

The above results were drawn from the qualitative 

interview responses. The response provided by an IT 

manager (F, 41, high WLB) was: “Through Slack and 

Zoom, I have been able to attend my son’s school play and 

make up later. However, immediately the company 

implemented ActivTrak [a product monitoring tool], I 

started feeling watched, and that is why I started working 

during lunch just so as to keep my activity levels up. 

”Another one given by a banking analyst (M, 29, low 

WLB) was: “At 11 pm, Bloomberg alerts keep on buzzing 

my phone.” 

 

 
Figure 3: Bar chart showing standardized beta coefficients. 

 

Horizontal bar chart. Y-axis lists five technology types. X-

axis displays standardized beta coefficients from -0.6 to 

+0.3. Collaboration platforms: β=+0.24 [95% CI: 0.10 to 

0.38]. Enterprise automation: β=+0.08 [CI: -0.05 to 0.21]. 

Communication tools: β=-0.12 [CI: -0.25 to 0.01]. Mobile 

connectivity: β= -0.19 [CI: -0.34 to -0.04]. AI monitoring 

tools: β=-0.47 [CI: -0.62 to -0.32]. Error bars displayed. 
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Moderating Role of Organizational Policies 

Organizations were classified into three policy categories 

according to their policy contents as follows:  

• Restrictive (n=9 organizations, n=138 respondents) - 

policies that restrict contact after hours, “right to 

disconnect” policies, and policies requiring response 

time windows (for example 9 am-6 pm).  

• Moderate (n=15 organizations, n=192 respondents) - 

guidelines that suggest, but do not require limits.  

• Permissive (n=8 organizations, n=80 respondents) - no 

policies, 24/7 availability expected implicitly. 

 

ANOVA found significant differences in work-life 

balance among various policies: Restrictive (M = 5.41, SD 

= 1.12); Moderate (M = 4.22, SD = 1.35); and Permissive 

(M = 3.08, SD = 1.51); F(2,407) = 68.4, p < 0.001, η² = 

0.25. Follow-up post-hoc Tukey's test results indicated 

that all differences between pairs were significant (p < 

0.001). It is important to note that while the impact of the 

use of AI monitoring tools on WLB was completely 

moderated by the company's policy, in permissive 

situations every unit increase in the level of use was 

related to a 0.64-unit decrease in work-life balance. In 

restrictive cases, there was no relationship observed (β = -

0.07, p = 0.34). 

  

 
Figure 4: Moderating effect of organizational policy type 

on the relationship between AI monitoring intensity and 

Work-Life Balance. 

 

X-axis: AI monitoring intensity (1=low to 7=high). Y-

axis: Predicted Work-Life Balance (1–7). Three different-

colored curves: Restrictive policy (blue) – almost flat, 

negative slope, WLB=5.5 for all levels of monitoring. 

Moderate policy (orange) – moderately negative slope, 

starting from WLB=5.0 for low monitoring, and reaching 

WLB=3.8 for high monitoring. Permissive policy (red) – 

sharply negatively sloped curve, starting at WLB=4.5 for 

low monitoring, and ending at WLB=2.2 for high 

monitoring. 

 

Comparative Analysis Table 

Configuration Technology 

Mix 

WLB 

Score 

(0-7) 

Technostress (0-

7) 

After-hours 

Work 

(hrs/week) 

 

Autonomy (0-

7) 

Recommended For 

Optimal balanced 

(TAI moderate, 

restrictive policy) 

 

Collab high, 

Monitoring 

low, Mobile 

moderate 

5.78 

(0.91) 

2.45 (1.10) 2.1 (2.8)  

6.12 (0.85) 

Most knowledge 

workers 

 

Collaboration-

rich(TAI high-

collab, low-

monitoring) 

 

Collab very 

high, 

Monitoring 

minimal, 

Mobile high 

 

5.21 

(1.18) 

 

3.12 (1.34) 

 

3.8 (3.5) 

5.89 (1.02) Distributed teams, 

creative roles 

 

High-surveillance 

(TAI high-

monitoring, 

permissive) 

 

 

Collab high, 

Monitoring 

very high, 

Mobile high 

 

2.94 

(1.42) 

 

6.01 (1.08) 

 

7.6 (4.9) 

2.34 (1.21) Not recommended – 

associated with 

burnout 

 

Low-tech (TAI 

low, any policy) 

 

 

Minimal across 

all categories 

 

4.38 

(1.35) 

 

3.45 (1.52) 

 

1.9 (2.1) 

5.45 (1.44) Roles requiring deep 

focus, confidentiality 

 

Always-on (high 

mobile, permissive 

policy) 

 

Mobile very 

high, Collab 

moderate, 

Monitoring low 

 

 

3.45 

(1.51) 

 

5.22 (1.43) 

 

9.3 (5.1) 

4.01 (1.38) Executive/global 

roles only (with 

compensation) 

 

Table 2: Comparative analysis of technology adoption 

configurations and work-life balance outcomes 

 

It is the combination of medium adoption rate along with 

strict policies which gives the best results with maximum 

WLB score of 5.78 and minimum after-hours work (2.1 

hrs/week). The worst combination in terms of results is 
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that of high surveillance with a permissive approach 

(WLB = 2.94, after hours work = 7.6 hrs/week). 

 

V. CONCLUSION 
 

In this research paper, the authors explored the complex 

link between technology adoption and WLB in 

contemporary organizations, and made three major 

findings with theoretical and practical significance. To 

begin with, technology adoption follows the inverted U 

pattern with respect to WLB because, while moderate use 

of technology makes it easier to achieve WLB via 

autonomy and flexibility, excessive use of technology may 

make life more difficult due to technostress and invasion 

of boundaries. Based on the obtained results, one could set 

up the initial threshold at around TAI = 62.4 on our scale, 

meaning that organizations whose scores exceed this 

threshold need to think about whether their further use of 

technologies contributes to improving their WLB levels. 

 

Secondly, it is crucial to understand that not all 

technologies are created equally in terms of WLB effects. 

Only collaboration technologies such as Teams, Slack, or 

Zoom had a positive effect, probably due to allowing 

scheduling and eliminating the need for commuting. In 

turn, AI monitoring tools showed the most harmful effects 

on work-life balance, followed by mobile connection 

technologies. It goes against the idea of technological 

determinism, which suggests that the “more technology, 

the greater flexibility.” In this case, surveillance 

technologies contribute to making workers feel monitored, 

creating a lack of psychological safety needed to separate 

work from life. 

 

Third, organizational policies strongly mediated the 

impact of technology. Strict policies – specific clauses 

regarding the right to disconnect, required communication 

blackouts outside work hours, and managers’ setting good 

examples regarding boundaries – were related to an 

average of nearly 2.3 points increase in WLB scores 

compared to permissive policies on a seven-point scale. 

Moreover, the strict policies nullified the damaging effects 

of the use of AI tools for monitoring. This means that 

there was nothing inherently wrong about using those 

monitoring systems; the problem was their unlimited 

nature. When people knew that their activities were 

monitored but did not feel obliged to work round-the-

clock, it diminished the negative effect. As put by one HR 

director from a strict policy firm: “It is all about 

productivity, not hours. Our dashboard measures project 

performance, not keystrokes.” 

 

Future Directions: 

In practice, we advise the following:  

• Technology audits to compute the TAI scores, 

especially in regard to monitoring systems 

• Enactment of restrictive boundary policies, including a 

formal “right to disconnect policy” along with its 

enforcement 

• Managerial training focusing on setting a good example 

with respect to appropriate digital behavior (such as 

scheduling emails rather than sending emails after 

office hours) 

• Using output-based performance measurement instead 

of keystroke monitoring and screenshots 

• Creating technology-free zones (such as prohibiting any 

internal communications from 8 p.m. to 7 a.m., except 

for emergencies). 

 

There are several limitations to our study, which is cross-

sectional in nature (precluding causal relationships), uses 

self-reported WLB (which is ameliorated by using 

validated scales), and uses a sample predominantly from 

the IT and banking industries. Future research should 

consider adopting a longitudinal research methodology to 

study the relationship between changes in technology use 

and WLB, and using more objective measures of WLB 

(such as app activity logs, with consent, or stress markers). 

Future research is also recommended on non-white-collar 

professions (such as production workers). 

 

To sum up, technology itself is not innately good or bad 

with regards to work-life balance; rather, its effect will 

depend on how much of it is used, what kinds of 

technology, and how it is governed by organizations. 

Those organizations which use collaboration technologies 

in moderation, do not employ surveillance to penalize 

employees, and set proper limits to their digital usage will 

reach that point known as the “sweet spot,” where 

technology serves and does not enslave people. 
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