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Abstract- The advent of generative artificial intelligence (GenAI) marks a paradigm shift for businesses when dealing with issues 

of customer interaction and employee management. This paper discusses the impact of the dual-domain deployment of GenAI in 

marketing and human resource management and highlights the ways in which big language models and associated technologies 

influence personalization techniques and talent management practices. The research involves a synthesis of the current state-of-

the-art literature on the issue and outlines the proposed methodologies for GenAI implementation. Based on this information, the 

transformation mechanisms include hyper-personalized content generation, human-AI collaboration models, semantic candidate 

matching, and competency modeling automation. The paper describes the proposed methodological framework which includes 

using retrieval-augmented generation in HR systems and sentiment feedback in marketing activities to bridge the existing gap 

between content creation and content improvement. The comparative analysis demonstrates that the companies with a structured 

human-in-the-loop validation mechanism produce better results in terms of brand consistency and candidate selection. 

 
Key Word: Generative AI, Large Language Models, Marketing Personalization, Human Resource Management, Human-AI 

Collaboration, Retrieval-Augmented Generation 

 

I. INTRODUCTION 
 

Generative artificial intelligence has completely transformed 

the nature of business operations. Marketing and human 

resources are two departments within business operations 

that have experienced significant transformation due to this 

innovation. Different from traditional ai algorithms that are 

geared towards classification and prediction, generative ai is 

capable of creating new content such as text, images, and 

structured outputs that were only possible with human 

intervention. As a result, workflow and role definitions 

within these departments are being revised significantly 

[1][2][7]. 

Marketing operations, for example, have always been faced 

with the problem of generating personalized content on a 

large scale. The problem is mainly due to the economics of 

creativity, which means that traditional content generation 

processes fail in balancing personalization with the process 

efficiency. Traditional approaches usually rely on 

segmentations to deliver content because of the inability of 

generating personalized content at scale. However, 

generative ai solves this problem by generating context-

aware and audience-specific content across multiple 

channels including email campaigns, product description, 

advertisements, and conversational interfaces. This is done 

using deep learning models that are fed on massive datasets, 

reinforced with human feedback and retrieval models 

[1][2][4][6]. 

An analogous yet separate field for transformation is human 

resources. Recruitment processes, which are traditionally 

built on manually sifting through resumes and subjectively 

assessing candidates, will be redesigned using semantic 

matching and automated assessments. Moreover, genai 

applications can be used in competency modeling, training 

content generation, feedback synthesis, and workforce 

planning analytics [7][8][10]. Notably, in addition to the 

efficiency improvement, the applications mentioned have the 

potential to provide consistent and data-driven decision-

making, reducing biases and allowing the identification of 

talent signals invisible in traditional recruitment methods 

[5][7][10]. 

Nevertheless, there are challenges associated with the 

implementation of genai applications in human resource 

management practices. Specifically, the literature repeatedly 

mentions ethical governance, bias in algorithms, and the 

possibility of creating misleading content as important issues 

that require structured mitigation [6][7]. The transformation 

of roles within human resources from content producers to 

orchestrators of ai systems, from interviewers to validators of 

assessment systems, requires the deliberate development of 

workforce capabilities [7][8]. An approach to the adoption of 

genai technology by organizations limited to its technical 



 

International Journal for Novel Research in Economics , Finance and Management  

www.ijnrefm.com 

ISSN:3048-7722 

Volume 4, Issue 5, Sep-Oct -2026, PP: 01-6 

2 

implementation and ignoring socio-technical issues can be 

counterproductive [6][7]. 

In this paper, current state of knowledge on genai use in 

marketing and hr is summarized; an integrated approach to 

the implementation of the technology is proposed; and 

comparison of results of its implementation in various fields 

is provided. This study seeks answers to the following 

questions: what are the mechanisms of transformation that 

make genai implementation effective in customer and 

workforce management? How should companies reconcile 

efficiency of automation with human decision-making 

preservation? 
 

II. LITERATURE SURVEY 
 

The body of work concerning generative ai applications in 

marketing and hr management has grown significantly, 

showing both converging results and specificities to each 

domain. First, it has been repeatedly shown that the value of 

genai technologies consists in their capacity to augment 

humans' work rather than replace it, with the best examples 

being those where professionals acted as curators of ai-

generated outcomes [1][2][6][7]. As far as marketing goes, 

the main lines of the literature concern personalization 

efficiency, automation processes for content creation, and the 

emergence of scale vs. Authenticity dilemma [1][2][6]. It has 

been proved that large language models can successfully 

generate product descriptions, email campaign text, and 

advertisement copy in the corresponding brand tone, but 

taking into account specifics of each individual client [2][4]. 

Sentiment analysis, used not as a tool for assessing campaign 

performance, but rather as a self-adjusting system for 

prompting engineering according to consumer behavioUR, is 

one of the cutting-edge aspects of the field, with researchers 

proposing feedback loops to improve prompt quality [3][9]. 
An opposite path can be identified in the literature dedicated 

to human resources, which centers around automation of the 

recruitment process, assessment of candidates, and 

competency modeling [7][8][10]. The retrieval-augmented 

generation architecture is one of the most interesting 

architectures that can be utilized for building hr systems due 

to its combination of the flexible generation of llms and 

factfulness of knowledge bases [5]. It helps to overcome an 

important problem of the pure generation – the possibility of 

the generation of inconsistent and unverified requirements or 

qualifications [5]. Semantic matching algorithms based on 

similarity embeddings have been found to provide more 

relevant results than keyword algorithms in job-candidate 

matching problems [10]. 

In both cases, the literature suggests similar implementation 

problems. Poor data quality and biases related to the data 

used to train these models are common fundamental 

problems. Indeed, as generative ai models can learn biases 

inherent in the data, they might amplify them further [6][7]. 

Another good practice is human validation before 

implementation, as research shows that such practice 

uncovers common errors such as unnatural phrasing, brand 

mismatch, or sensitive information [2][6]. The problem of 

scaling up from pilot projects to organization-wide 

implementation is also common, as organizations often 

struggle with misaligned department goals and strategy 

[6][7]. Justification for the adoption of genai from theoretical 

perspective relies on technology acceptance models and 

diffusion theory where perceived usefulness, complexity, 

and compatibility serve as key factors behind genai uptake 

by organizations. Nevertheless, the literature points to a 

shortage of empirical evidence in this regard due to the fact 

that the vast majority of concepts are yet to be tested on the 

actual data of wide adoption and the fast development of 

genai abilities makes the findings of previous generations of 

genai non-generalizable [6][7]. 

 

III. PROPOSED METHODOLOGY 
 

1. Overview of Integrated Implementation Framework 
 

The approach adopted to deal with the integration of genai in 

marketing and hr sectors is presented via a method that 

highlights collaborative work of humans and ai, retrieval, and 

optimization of iterations. This system architecture includes 

four major elements that interact together: knowledge 

retrieval layer, generative processing layer, human validation 

layer, and feedback optimization layer. Figure 1 provides a 

visualization of the entire architecture of the system. 
 

 
Figure 1: Integrated GenAI Implementation Architecture for 

Marketing and HR 
 

2. Retrieval-Augmented Generation for HR Workflows 
The hr module uses rag approach to make sure that candidate 

evaluations, competency mapping, and communication with 

employees are based on validated information from 

organization. During the retrieval step, similarity based on 

embedding is used to retrieve evidence from the knowledge 

base that consists of job descriptions, competency 

framework, historical performance data, and organizational 
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policies. In the generation step, the evidence is combined into 

meaningful outputs in the form of candidate descriptions, 

interview questions, and feedback emails. This model limits 

the potential of generating false information due to 

constraining the process of generation using the retrieved 

information. Combination of collaboration between the 

retrieval and generation steps allows for accurate matching 

during the retrieval step and meaningful generation during 

the generation step. 
 

3. Marketing Content Generation with Sentiment 

Feedback Integration 
The marketing element goes beyond traditional content 

creation in that it treats customer sentiment as an 

optimization feedback mechanism as opposed to a mere 

evaluative measure. The system creates personalized content 

in the form of product descriptions, advertisements, emails 

and their respective subject lines using customer profiling 

information and behavioUR information. The content created 

is used via experiments, and the generated customer 

engagement information is used as input in the process of 

sentiment analysis to determine which patterns of sentiment 

work well and those that don’t. The figure below illustrates 

the sentiment feedback integration framework. 
 

 
 

Figure 2: Sentiment-Feedback Content Optimization Loop 
 

4. Human Validation and Governance Protocols 
For both areas, the process of structured human validation is 

used as a necessary gate prior to deployment. Depending on 

the risk level, different processes will be used in validation: 

marketing content that faces the customers will go through 

brand fit check and sensitive content screening; assessments 

made within hr that affect the outcome of candidates need 

fairness audit and bias check. Moreover, the layer of 

validation provides feedback from reviewers that is used as 

input for the optimization of models – a two-way feedback 

mechanism. 
 

5. Skill Transformation and Capability Development 

The methodology understands that there needs to be 

simultaneous development of workforce capabilities for the 

successful implementation of the process. In terms of 

marketing professionals, their roles change from content 

generators to content managers and they need prompt 

engineering, output evaluation, and narrative governance 

capabilities. In the case of hr professionals, their roles change 

from process managers to validation of the assessment 

systems and algorithmic fairness. There must be a training 

process that incorporates ai literacy, prompt design skills, and 

ethical reasoning. 
 

IV. ANALYSIS AND DISCUSSION 
 

1. Comparative Performance Analysis 
Table 1: Comparative Analysis of GenAI Applications in 

Marketing and HR 

Dimension Marketing 

Applications 
HR Applications 

Primary 

Use Cases 
Content generation, 

personalization, 

campaign 

optimization 

Candidate 

matching, 

competency 

modeling, 

assessment 

automation 
Key 

Technology 
LLMs with prompt 

engineering, 

sentiment 

integration 

RAG systems, 

embedding-based 

semantic matching 

Human 

Role 
Brand voice 

governance, 

creative oversight, 

ethical review 

Fairness auditing, 

soft-skill 

assessment, final 

decision authority 
Efficiency 

Gains 
Content production 

acceleration, 

personalization at 

scale 

Screening time 

reduction, 

assessment 

consistency 

improvement 
Quality 

Risks 
Brand 

misalignment, 

perceived 

inauthenticity, 

sensitive content 

Bias amplification, 

hallucinated 

qualifications, 

cultural 

insensitivity 
Validation 

Approach 
Brand executive 

review, A/B 

testing, sensitive 

word filtering 

Multi-rater 

comparison, 

fairness metrics, 

domain expert 

validation 
Scale 

Challenge 
Pilot-to-enterprise 

content governance 
Model drift 

monitoring, cross-

cultural adaptation 
 
A synthesis of the reported results from the surveyed 

implementations through quantitative methods illustrates a 
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consistency in genai effectiveness for both marketing and hr 

applications. Table 1 shows the performance metrics 

comparison of each application in relation to certain 

implementation characteristics taken from literature. 
 

It becomes clear that although both sectors can use genai for 

their operations, there are significant differences between 

them in terms of the quality risks that can emerge and the 

need for validation prior to deployment. In the case of 

marketing, quality risks focus on perception and allow for 

quick iterations through controlled testing. On the other hand, 

when hr is concerned, the risks are more significant as far as 

decision-making about people's lives is concerned and thus 

require more extensive validation. 
 

2. Domain-Specific Outcome Patterns 
Figure 3 shows a comparative visualization of the outcome 

patterns in relation to the different application categories that 

have been discussed in the literature. This figure illustrates 

how the different applications fall within the space defined 

by their automation potential and their level of reliance on 

human judgment, ranging from high-automation/low-

judgment activities (template content creation, first-pass 

resume screening) to low-automation/high-judgment 

activities (campaign storyline, final hiring decision). 
 

 
 

Figure 3: Automation-Judgment Spectrum for GenAI 

Applications 
 

From the distribution, we learn that the highest immediate 

efficiency improvements are achieved for those processes 

that have high automation capabilities and low judgment 

requirements, whereas those that have higher judgment 

requirements demand human-ai partnerships which retain 

human authority. Such result is consistent with the idea of 

human-ai collaboration presented in the literature, whereby 

processes that rely on creativity and judgment of humans 

tend to outperform those which do not. 

 

3. Human-AI Collaboration Effectiveness 
Figure 4 demonstrates the correlation between human 

supervision intensity and outcome quality in implementation 

case studies. According to this illustration, there is a non-

monotonic relation in which low supervision results in 

quality inconsistency and brand/ethics hazards, medium 

supervision allows efficiency improvements with good 

quality, while high supervision destroys any efficiency with 

no quality improvement. 
 

 
Figure 4: Human Oversight and Outcome Quality 

Relationship 
This approach is consistent with the “orchestrator” role 

concept for marketing professionals and the “validator” role 

for hr professionals. Successful deployment involves the 

creation of key decision points for monitoring control – brand 

voice consistency, fairness testing, and final selection – 

leaving routine generation and initial culling to automation. 

The skill development aspect of this is considerable, as 

professionals will need to be able to quickly review ai-

generated material and determine where problems lie. 
 

4. Implementation Maturity and Governance Evolution 
Figure 5 shows the visualization of a maturity model. This 

maturity model represents the journey of sophistication level 

of governance along with the increasing scale of technical 

deployment. This model consists of four phases such as 

experimental, operational, governed, and adaptive. 
 

 
Figure 5: GenAI Implementation Maturity Model 
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The literature suggests that many firms find themselves at the 

level of operation, where they have introduced genai but lack 

governance capability to manage risks and foster continuous 

improvements. Achieving governed maturity involves 

spending on validation procedures, cross-functional controls, 

and transparency, which allow conducting internal audits and 

making organizations accountable. The leading examples 

display the properties of adaptation, which involves learning 

cycles that optimize not only models but also governance. 

The research shows that the marketing and hr domains, 

although similar in terms of technology used, need different 

approaches to implementation. Marketing can leverage the 

speed of iterations and tolerate them to progress faster 

through the maturity levels. Hr implementations are critical 

and regulated; therefore, they require more careful 

progression with more rigorous validation in each stage. 

Organizations should avoid the temptation to standardize the 

approach to governance in various domains. 
 

V. CONCLUSION 
 

This study has analyzed the transformative power of 

generative ai technology in marketing and hr through a 

review of existing literature, providing a framework for 

implementation. It turns out that genai is not just a way to 

automate certain tasks but an entire reorganization of 

workflow and capabilities of professionals. 

For the field of marketing, transformational mechanisms are 

associated with changing personalized content into 

sentiment-based optimization on a continuous basis. 

Organizations capable of using customers' feedback as an 

input signal, as opposed to post-processing, get compounded 

benefits from increasing the effectiveness of the message. 

The function of a professional changes to become an 

orchestrator of ai-Created stories, involving prompt creation 

and brand management. The efficiency gain from content 

generation automation is significant, but it relies on a 

validation process to avoid brand damage. 

In human resources, genai in recruitment and competency 

modeling show great promise in making the decisions more 

consistent and evidence-based. The retrieval-augmented 

generation resolves the problem of hallucination inherent in 

generative methods, which makes it possible to ensure the 

traceability of candidate evaluations and competency models 

to the organization’s knowledge base. Humans’ 

responsibility changes to fairness auditing and soft skill 

evaluation – the areas in which automated solutions are still 

ineffective. Efficiency is high, but human intervention in the 

decisions is necessary. 

The comparative analysis shows that sustainable use of genai 

calls for domain-specific approaches to governance. The 

marketing area allows quick iterations with loose pre-

deployment validation, which speeds up learning and 

adaptation. Human resources involve serious consequences 

for people’s lives and regulatory requirements, and therefore 

require stricter validation limits and fairness monitoring. 

Organizations that follow uniform policies run the risk of 

killing marketing innovation or putting human resources at 

risk. 

The maturity analysis shows that many firms are still at the 

initial stage of implementation where they have reached 

technical implementation but not maturity in governance. 

Moving forward would involve investing in validation 

techniques, cross-organizational monitoring, and 

transparency tools to help not only improve internally but 

also be able to show accountability externally. Adaptive 

nature is a feature of the highest level of maturity that helps 

integrate learning processes and continuously develop 

models and governance based on the results obtained. 

Several factors limit the generalizability of the presented 

conclusions. The fast development of the capabilities of 

generative models makes implementation recommendations 

rather fragile. The state of literature is characterized by fast 

growth but it is mainly concerned with theoretical aspects 

and exploratory case studies instead of empirical 

generalization. There is still need for more research that 

would study long-term effects, cross-cultural implications, 

and the creation of standardized fairness and quality criteria 

for generative outputs in decision-making situations. 

The analysis implies for practice that successful integration 

of genai will involve striking a balance between three key 

areas: technological capability building, human expertise 

building, and governance to ensure proper use of 

technologies. Ignoring any one of the above-mentioned areas 

will likely mean achieving efficiency by paying for quality, 

trust, or even compliance. The potential for generative ai in 

marketing and hr is enormous, but its exploitation hinges on 

carefully designing collaborative approaches to human-ai 

cooperation. 
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