r;\ International Journal for Novel Research in Economics , Finance and Management
www.ijnrefm.com
)’ ISSN:3048-7722

Volume 4, Issue 5, Sep-Oct-2026, PP: 01-3

The Empathy Gap in HR: How Al Speeds up
Recruitment, But Creates Psychological and

Operational Friction Among Staff

Aditi Kar
Department of Business Administration Utkal University, Bhubaneswar, India

Abstract — | am currently studying contemporary trends in enterprise HR. | have noticed that companies are increasingly
relying on automated software and data-driven systems. In addition to processing thousands of job applications and monitoring
daily employee productivity, Al-based tools help companies speed up recruitment processes and reduce operational costs.
However, | also found that these tools create significant psychological and operational friction among employees. Behavioral
decision models show that employees do not judge their workplaces solely based on quantitative performance metrics.
Employee motivation and commitment to their organization depend heavily on whether they feel that they are treated fairly
and with genuine empathy. This article provides an empirical assessment of automated system decisions compared to qualitative
human management. By combining primary observational data with corporate case evaluations, | evaluated the ""‘empathy gap**
inherent in metric-centric management and developed a balanced **Human-in-the-Loop™ model for modern enterprise
operations.
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. INTRODUCTION

While working as a first-year MBA student studying
contemporary management practices, | began to notice a
fundamental change in how companies deal with human
resources. Today's enterprise environments typically have
thousands of job applicants across multiple business units.
To accommodate this volume, HR departments are
employing Applicant Tracking Systems (ATS) and
algorithmic monitoring software.

Although these digital tools efficiently manage vast
amounts of data, | recognized that they create unique
workplace challenges. Algorithms used in ATS programs
filter applicants based on rigid syntax parameters, while
tracking software records active employee work
performance through continuous activity logs. In this
paper, | will analyze how automated systems operate in
conjunction with human managerial judgment, assessing
where computational speed excels and where human
intuition remains critical. Looking closely at workplace
management, | noticed that worker behavior mirrors
classic consumer decision-making models. As illustrated in
decision-making studies, consumers rarely base their
decisions purely on raw numerical figures; instead, their
long-term decisions are significantly influenced by
qualitative perceptions, trust, and perceived relationship
value.

Similarly, in HR, | realized that employees do not judge
their workplaces solely on raw numerical targets, but

rather on how fair, transparent, and sympathetic the
management structure appears towards them.

Il. LITERATURE REVIEW

In studying existing literature on workplace automation, |
observed a clear conflict between mechanical efficiency
and qualitative human management:

o Pattern Replication & Systemic Bias: | learned that
machine learning models built using previous
company data often reproduce previous hiring
imbalances. Automated tools that screen applicants
based on previous recruitment patterns have the
potential to filter out non-traditional or diverse talent
pools under the guise of numerical objectivity.

e Strict Keyword Filtering: | found that automated
screening tools evaluate applicants using strict
keyword matching criteria. Qualified applicants who
employ alternative language or have brief employment
gaps in their resumes are often rejected by automated
tools, severely limiting the candidate pool's diversity.

e Perceptions Over Pure Metrics in Organizational
Health: | found in decision-making studies that
qualitative factors such as perceived fairness,
emotional connectivity, and trust typically outweigh
quantitative metrics. Applying this concept to internal
corporate governance, algorithms that record raw
metrics such as screen-time fail because they disregard
the employee's perception of organizational support.
When employees believe they are viewed as merely
numerical data points rather than valued contributors,
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organizational trust decreases, regardless of how
quickly they produce results.

I11. PROBLEM STATEMENT

To analyze the structural deficiencies of algorithmic
decision-making tools in enterprise HR, and to evaluate
how automated monitoring affects worker satisfaction
relative to human contextual judgment.

Research Objectives

e To identify the main performance metrics evaluated by
automated Al tools in HR workflows.

o To assess the operational issues that arise when software
executes hiring and tracking decisions without human
review.

o To define the role of human oversight ("Human-in-the-
Loop™) in maintaining organizational fairness and
employee trust.

Hypotheses

o Hypothesis 1: The speed at which resumes are screened
by algorithms does not correlate with the quality of
candidate evaluation.

o Hypothesis 2: Employee turnover rates are unaffected
by continuous automated activity tracking.

IV. RESEARCH METHODOLOGY

o Study Type: Exploratory and empirical analysis derived
from my first-year MBA observational research,
corporate  HR case evaluations, and secondary
operational metrics.

e Data Sources: Qualitative and guantitative synthesis of
recruitment turnaround metrics, automated ATS
filtering guidelines, and performance logs across
corporate environments.

Empirical Findings and Data Analysis
Evaluation of Research Objectives
Primary  Performance Metrics
Automated Al Tools

While collecting data for my research, | noted that

automated platforms assess employees in two separate

operational areas:

e Pre-Employment  Screening:  Applicant  Tracking
Systems (ATS) determine candidate suitability based
on rigid keyword matching algorithms, parsing
parameters, and structured resume formatting
templates.

o Post-Employment Productivity Tracking: Management
software records active work performance using
quantitative metrics including Units Per Hour (UPH),
active keystroke/mouse activity, and idle interval logs

Evaluated by
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recorded as Time Off Task (TOT).

Operational  Issues
Decision-Making
While examining platforms that execute hiring and
tracking decisions without human review, | identified two
primary operational failures:

o False Rejections in Candidate Selection: Rigid syntax
rules reject qualified applicants who have nonlinear
career trajectories, career gaps, or unusual
terminology.

o Decreased Organizational Trust and Turnover: Strict
monitoring via TOT and continuous activity logging
penalizes necessary cognitive breaks, physical fatigue,
or unforeseen personal issues. Treating employees as
numerical data points diminishes  perceived
organizational support, resulting in lower job
satisfaction and increased employee turnover.

of Unsupervised Algorithmic

Role of Human Oversight (**"Human-in-the-Loop™)

I found that incorporating human managers into
algorithmic decision workflows ensures computational
speed is balanced with contextual judgment, empathy, and
ethical fairness—safeguarding employee trust and long-
term retention.

Comparative Analysis of HR Decision Determinants
Table 1. Empirical Comparison of HR Decision
Determinants

Decision | Automated Human Operational
Gateway | Algorithmic Manager |Impact & Result
System Oversight
Rapid keyword [Full contextual| Al: Fast, high
Candidate | syntax parsing & skills false-rejection
Screening review risk.
Human: Slower,
deeper accuracy.
Output | Raw output & | Work quality |Al: Strict output
Tracking | active time & logs. Human:
collaboration Holistic
assessment.
Inactivity |Auto-flags break| Accounts for Al: Rigid
Logging time (TOT) context & enforcement,
fatigue Human:
Preserves
Morale & Trust

Hypothesis Testing Results

Hypothesis 1: The speed at which resumes are screened

by algorithms does not correlate with the quality of

candidate evaluation.

o Result: Rejected.

o Finding: While testing this hypothesis, | determined that
although algorithmic parsing dramatically increases
screening speed, it displays a direct inverse
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relationship ~ with  evaluation  quality = when
unsupervised. Rigid keyword syntax filters contribute
to a high percentage of false rejections among
qualified candidates.

Hypothesis 2: Employee turnover rates are unaffected

by continuous automated activity tracking.

e Result: Rejected.

¢ Finding: My analysis indicated that continuous activity
tracking and strict TOT enforcement greatly affect
employee retention. Non-contextual —monitoring
diminishes  perceived workplace fairness and
organizational trust, which relate directly to elevated
employee turnover.

Abbreviations and Acronyms

¢ HR / HRM — Human Resources / Human Resource
Management

¢ MBA — Master of Business Administration

Al — Artificial Intelligence

ATS — Applicant Tracking System

UPH — Units Per Hour

TOT — Time Off Task

V. CONCLUSION

Based on this study, | determined that artificial intelligence
and automated systems provide valuable assistance for
managing large-scale operations, sorting enormous
volumes of data, and tracking baseline productivity.

However, raw data processing cannot replace contextual
decision-making. Software lacks common sense, ethical
awareness, and empathetic judgment. Through using
automated tools for data organization combined with
human managers for final decisions, enterprise HR
departments can achieve operational efficiency while
maintaining employee trust, fairness, and workplace
satisfaction.
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